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Introduction 
 
AI in education presents a wide range of potential use cases, from personalizing learning to creating more efficient 
processes.1 However, not all tools are high quality or fit the needs of a particular school, and the number of possible 
tool options can be overwhelming for district and school leaders.2 DREAM, a New York City-based charter school 
network, helps to illustrate how school leaders can think about vetting and building AI tools.  
 
DREAM serves approximately 2,500 pre-K through Grade 12 students in seven schools in East Harlem and the 
Bronx.3 DREAM is building a wide range of AI tools to support instruction and operations, designed to integrate with 
educator workflows and “to enhance human judgment and capacity, not to replace it.”4 DREAM may serve as a useful 
example for other system leaders by illustrating: 

1.	 How to keep humans in the loop to improve existing workflows when building new AI tools. 
2.	When a school system may opt to build or partner rather than buy.
3.	Ways to design a pilot process that incorporates stakeholder feedback as part of a continuous improvement cycle.  

From Issue to Impact 

DREAM is building AI tools to meet the needs of its students.

DREAM sees potential in AI tools as a way to strengthen operations and learning. Although the network has found 
a lot of power in using generalized AI tools (e.g., ChatGPT and MagicSchool), when DREAM staff tried using other 
existing AI products, they found those tools insufficient, as the charter network’s workflows, systems, and language 
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required more customization than off-the-shelf 
products could support.5 Existing student-facing tools 
seemed more suited to already high-achieving students. 
To fill this gap, DREAM set out to create its own AI tools. 

Since fall 2023, DREAM has used a variety of 
approaches to build AI tools, including developing  
in-house GPTs and Playlab chatbots as well as 
partnering with an external vendor.6 The most extensive 
AI-building effort was redesigning the charter network’s 
interim assessment process. Traditionally, the scoring 
process alone would take at least an entire professional 
development day.7 This left little time for teachers to 
develop reteach lessons for students tailored to the 
specific learning gaps identified through the interim 
assessments.8 DREAM partnered with EnlightenAI and 
ultimately created the AI-Enabled Assessment Data 
Cycle, which includes: 

•	 An AI-Assisted Scoring System: Auto-scores 
student written responses for all subject areas 
based on a rubric and provides individualized 
feedback. 

•	 A Gap Analysis and Data Meeting Generator: 
Builds a data meeting plan based on trends in the 
assessment data to identify instructional areas for 
teachers to focus on (i.e., “high-leverage standards” 
or questions representing foundational content that 
students struggled to answer).9  

•	 A Response to Data Lesson Generator: Chatbots 
that draft reteach or intervention plans that 
teachers refine.

For the 2025-26 school year, DREAM plans to continue 
building.10 The network’s AI road map includes:  

•	 AI Personalized Learning Dashboard: AI-powered 
tutoring assistant for educators in Grades 3-8 
English language arts (ELA) and math with a portal 
to pull certain data (assessments, socioemotional 
learning, interests) and student schedules to 
provide just-in-time recommendations and 
personalized student-facing materials.

•	 Teacher Development Platform: Develop GPTs to 
customize teacher training that includes adaptive 
modules with tailored feedback for teachers 
in different areas such as content expertise 
development, internalizing lesson plans, and 
facilitating student conferences. 

•	 Automating Certain Talent and Operations 
Functions: Train Network Support Team staff to 
build AI tools to increase productivity. The tools 
may include AI agents for recruiting, scheduling, 
inventory, and communications to reduce time 
spent on clerical work. 

•	 AI Literacy Curriculum for All Students: Develop 
curriculum and teach students “how to effectively 
and responsibly use and build AI tools.”11 

DREAM is measuring for impacts beyond time 
savings.

For its AI-Enabled Assessment Data Cycle, DREAM 
leaders estimated saving $225,000 in time not spent 
grading, analyzing data, and writing lesson plans, as 
well as 3,700 hours to do other activities like “discuss 
data trends, refine lesson plans, and practice reteach 
lessons.”12 The new system resulted in earlier data 
meetings with teachers and instructional leaders that 
allowed teachers to reteach skills earlier, and more 
opportunities for teacher and instructional leader 
collaboration and practice to support intentional and 
effective instruction focused on addressing student 
misconceptions and tailoring interventions.13 

Since implementing the new tool, DREAM has seen an 
increase in student learning, as measured by growth 
from October 2024 to February 2025 on ELA and 
math assessments compared with the previous year.14 
The network has also seen teacher retention increase 
by 3 percentage points,15 and in spring 2025, 86% of 
staff agreed that AI has helped them be more efficient 
and productive in their work (an increase from 53% in 
fall 2024).16 DREAM also surveys its teachers on their 
active usage, technical confidence, and magnitude of 
productivity gains over time.

https://bellwether.org/
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Using AI With Intention 
 
DREAM has used a variety of approaches when 
selecting and building AI tools, most of which are 
for teachers. 

DREAM has taken three different approaches in 
selecting AI tools. The first approach is participating in 
pilots for student-facing AI tools. To date, DREAM staff 
believe that many of the student-facing products serve 
highly skilled and motivated students well but do not 
work as well for students with low skill or motivation. 
Through pilot participation with different ed tech 
vendors, DREAM can commit fewer resources (time and 
money) to trying out new student tools and contribute 
to the improvement of future tools.

The second approach is self-builds. DREAM created 
internal capacity to build DREAM-specific ChatGPT or 
Playlab chatbots. The advantage of this approach is 
the ability to train the chatbot on the charter network’s 
model, language, and systems at a low cost.17 For 
instance, the response to a data lesson generator is a 
DREAM-created chatbot.

Finally, DREAM has partnered with vendors to create 
more sophisticated tools. For instance, DREAM 
partnered with EnlightenAI to build the custom 
assessment tool that provides scoring and feedback 
for constructed-response items.18 The decision to 
partner was twofold: DREAM wanted to increase 
the accuracy of the AI scoring compared to what 
was possible in ChatGPT so it would more closely 
match DREAM’s teacher hand-scoring. DREAM also 
wanted to have the process fit more easily within 
a single workflow compared to stringing together 
multiple prompt processes. More recently, DREAM has 
contracted with a developer to oversee the process of 
creating a small language model that will be used for 
the AI personalized learning dashboard and teacher 
development platform. As part of the development 
process, DREAM works closely with the contractor to 
co-design and test the model at every stage.

Amplifying Learning
DREAM’s AI Theory of Action is based on the potential 
to use AI “to enhance human judgment and capacity, 
not replace it.”19 DREAM leaders look for opportunities 
to embed tools within existing workflows. 

For example, DREAM positions the lesson plan 
generator as a way to help amplify, not replace, teacher 
judgment. DREAM leaders emphasize that the lesson 
plans are first drafts that teachers will need to refine. 
DREAM sees the tool as an opportunity for teachers to 
have more time to internalize the lesson. The tool also 
provides additional time for teachers and instructional 
leaders to collaborate on addressing the student 
misconceptions identified through the gap analysis and 
on tailoring the interventions.20 

DREAM’s implementation process engages 
educators and students in pilots.  

DREAM also prioritizes “testing these tools in real-
time with students and staff.”21 For instance, the pilot 
processes for the Response to Data Lesson Generator 
included initial tests with the Network Academic Team 
followed by a pilot with one school-based academic 
dean and a small group of teachers.22 During the 
pilot, DREAM leaders discovered that the tool was not 
intuitive to users. To better understand how educators 
with different roles might use the tool, they expanded 
the pilot to five more academic deans and observed 
users as they followed the prompt. This user testing 
helped to improve the tool’s prompt structure and flow 
to make it easier to use. 

Similarly, for the upcoming AI-Powered Personalized 
Learning Tutoring Assistant, DREAM plans to first test 
the tool with network leaders, pilot with school leaders 
and teachers, and start using it in one subject area 
(math) before expanding to other subjects.23 

https://bellwether.org/
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A critical aspect of implementation was building 
staff members’ AI capacity.

Building and vetting useful AI tools requires staff time 
and judgment. DREAM built this capacity by having 
staff participate in the AI for Equity cohort, establishing 
a 15-person AI task force that spanned network 
teams and grade spans, and creating professional 
development for different teams. DREAM sequenced 
professional development so it started with the 
curriculum and instruction team, expanded to the 
data team, and then shifted to the executive team and 
finally to school leaders. Over time, that professional 
development also evolved from broad introductions to 
AI to targeted training in specific technical skills.

Change management to implement new systems is 
always a challenge. In addition to training on new tools, 
when rolling out the AI scoring tool, DREAM provided 
three weeks of on-the-ground support to teachers. This 
is in addition to codifying implementation by creating 
playbooks that can be shared both internally and 
externally.24 

Conclusion
School systems have a plethora of choices when it 
comes to adopting AI tools for both students and 
teachers, and DREAM’s example of building its own 
tools offers an alternative to complicated procurement. 
A key prerequisite for success was developing team 
capacity, which DREAM sequenced intentionally by 
starting with a small task force, experimenting, and 
then expanding professional development across the 
organization. DREAM’s strategy to keep humans in 
the loop has also been important, both in the AI tool-
building process and in how the tools are integrated 
into workflows. Multiple pilots that iterate on successes 
and failures have allowed DREAM to build tools that 
actually work for their users and ensure that the tools 
are designed to enhance teacher judgment, not  
replace it. 

https://bellwether.org/
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